
ABSTRACT

The objective of the research is to investigate 
the role of investor sentiment in Malaysia’s 
stock returns. The state of investor rationality 
and efficiency of the stock market is debated 
in theoretical lenses of the behavioural finance 
paradigm. The behavioural factor, namely, 
closed-end fund discount, advance-decline ratio, 
trading volume/turnover, consumer sentiment 
index (CSI) and business condition index (BCI) 
that act as the sentiment proxies. These variables 
are utilized to analyse the relationship with stock 
returns by implementing a statistical method 
including Ordinary Least Square (OLS) regression 
model. The research findings are suggested 
consistently with theoretical perspectives on 
the view of behavioural finance and existing 
evidence on revealing the relationship between 
sentiment and stock market return index that 
is statistically significant. However, the risk 
proxies’ relationship with the stock market is 
heterogeneous that is in line with the view of the 
stock market in a complex state. In summary, 
this study offers important finance body of 
knowledge (academic), practice (investor) and 
policy implications through a new insight of 
theoretical and empirical evidence on the role of 
sentiment towards the stock market in Malaysia. 
Briefly, behavioural factors in particular 
sentiments can be taken into consideration 
instead only relying on a fundamental factor for 
stock investment decision making. 
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INTRODUCTION

Empirical studies of financial markets have 
uncovered numerous anomalies and puzzles, 
where asset returns behave in ways that 
traditional finance theories struggle to 
explain. Examples include short-horizon stock 
price momentum (Jegadeesh & Titman, 1993), 
long-run mean reversion (DeBondt & Thaler, 
1985) and excess volatility (Shiller, 1981). To 
explain these and other anomalies, finance 
research has been extended to include the 
direct study of market participants, integrating 
psychological insights with neo-classical 
economic theories. Much of this literature 
is concerned with investor sentiment: its 
formation, development and possible impact 
on share returns. Seminal examples include 
Kahneman and Tversky (1973, 1974), DeLong, 
Shleifer, Summers, and Waldmann, (1990), 
Daniel, Hirshleifer and Subrahmanyan (1998), 
Odean (1998), and Barberis, Shleifer and 
Vishny (1998). These studies demonstrate that 
investor sentiment may divert asset prices 
from their “rational, fundamental” values. 

Baker and Wurgler (2007) which defined 
sentiment as a belief about future cash flows 
or investment risks that are not justified by the 
facts at hand. Moreover, investor sentiment 
indeed represents optimism and pessimism 
of a bounded rational investor through the 
exogenous opinions or beliefs with regards 
to the future returns of asset prices. The word 
sentiment has been variously defined as an 
index expressing an opinion, irrational beliefs, 
erroneous beliefs, and investor opinions, on 
the expectation for future cash flows and 
investment risk (e.g. Solt & Statman, 1988; 
Morck, Shleifer, & Vishny, 1990; Barberis, 
Shleifer, & Vishny, 1998; Shefrin, 2008; Chang, 
Faff, & Hwang, 2012). Intrinsically, for the 
theoretical foundations of sentiment to be 
validated as well to secure its claims on the 
empirical evidence, a theory on investor 
sentiment must be justified for further 
research (Jasman, 2011). As such, a theory of 
investor sentiment warrants further scrutiny 

to validate its theoretical foundations and to 
defend its empirical claims. Understanding 
human behaviours are rooted in psychology 
domains. In psychology perspectives, Cooley 
(1909) as cited in Stets (2003) defined 
sentiment as feeling raised by thought and 
intercourse with other minds. Dow (2011) 
added that sentiment which is interconnected 
with cognition and decisions is always 
involved with some sentiment.

LITERATURE REVIEW 

Basically, it is rooted in psychology domains 
when the study intends to understand how 
human behaviours operate in the decision-
making process. As mentioned by Stets (2003), 
the sentiment was originally defined by Cooley 
(1909) as a feeling that stimulated by beliefs 
or opinion that associate with minds from 
another person in psychological perspectives. 
Another meaning for sentiment is cognition 
that is interrelated with the sentiment which 
consistent with neuroscience perspectives 
and decision making often involves some 
sentiment an emotion (Dow, 2010, 2011). 
Based on the definition of sentiment that 
already been discussed, there is no actual 
definition for sentiment until now. 

There is no definite measurement 
for sentiment proxies until now (Baker and 
Wurgler, 2006; Schmeling, 2009). “Now the 
question is no longer, as it was a few decades 
ago, whether investor sentiment affects 
stock prices, but rather how to measure 
investor sentiment and quantify its effect”, as 
confirmed by Baker and Wurgler (2007, p. 130). 
Due to indefinite of sentiment measurement, 
previous empirical evidence related to 
the impact of sentiment on stock returns 
automatically become inconsistent such as 
Aissia (2016) where Liston (2016) documented 
that investor sentiments influenced stocks 
return. Baker and Wurgler (2006) show that 
stocks that have subjective valuations and 
are difficult to arbitrage mostly tend to be 
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small, young, highly volatile, unprofitable, 
non-dividend paying, extreme growth and 
distressed stocks, and these stocks are main 
victims of investor sentiment. 

Researchers in behavioural finance 
establish the strong influence of investor 
sentiment on asset prices (Baker & Wurgler, 
2006). Earlier studies had investigated the 
influence of investor sentiment on asset prices 
of different sizes of companies (small versus 
large firms), various countries (developed 
versus emerging), and various sectors (finance, 
industrial and properties) (Brown & Cliff, 2004; 
Fauzias, Izani & Rashid 2013). These studies 
reported a strong positive connection between 
investor sentiment and stock prices. Stock 
price tends to shoot upward during the state 
of higher investor sentiment. Furthermore, 
investor sentiment is widely determined by 
the overly optimistic or pessimistic behaviour 
of the investors. Investor sentiment is also 
strong when investors rely on noise and invest 
in stocks that are difficult to arbitrage (Qiu & 
Welch, 2006). 

Shliefer and Vishny (1997) note 
that, in extreme circumstances, it may be 
difficult for professional arbitrageurs to 
bring the mispriced security value back to its 
fundamental values. The effects of sentiment 
on stock returns are more pronounced in 
countries with low institutional development 
or countries which are prone to herd-like 
behaviour and overreaction. However, Brown 
and Cliff (2004) do not find any such increased 
tendency for sentiment to affect the returns 
of small stocks. Also, Berger and Turtle (2012) 
document that sentiment has a greater effect 
on stocks with specific firm characteristics 
especially firms that are transparent whereas 
Zhu and Niu (2016) suggest that firms with high 
information uncertainties are more affected 
by sentiment. In a recent study, Tuyon, Ahmad 
and Matahir (2016) noted that the degree to 
which sentiment affects stock prices may differ 
based on firm-size. 

Past papers have largely concentrated 
on western and developed markets, especially 
the US stock market (e.g. Baker & Wurgler, 2006; 
Lemmon & Portniaguina, 2006; Abdelhédi-
Zouch, Abbes, & Boujelbène, 2015; Smales, 
2017). The literature on emerging markets 
and also Asian markets is not as extensive as 
developed markets. It is important to manage 
more investigation on investor sentiment in 
Asians market especially in Malaysia market 
to provide knowledge for the global investor 
since lack in the literature (Tuyon, Ahmad & 
Ghazali, 2016). Besides that, people cultures in 
Asian might have a greater level of behavioural 
biases due to a variety of cultures than other 
countries (Kim & Nofsinger, 2008). Therefore, 
the study hopes to simultaneously fill these 
gaps in the literature by examining the 
relationship for investor sentiment on stock 
return in Malaysia.

METHODOLOGY 

Data Descriptions

Data collected from secondary data due 
to its validity in term of measurement and 
information accessibility easily to be gathered 
through a computerized database. The period 
of the study conducted from January 2007 
until December 2017 in monthly frequencies 
covered total. Sample collected from Bursa 
Malaysia specifically in the main market 
index including 12 firms of Large Cap (KLCI 
30 index), 9 firms of Mid Cap (mid-70 index), 
9 firms of the small-cap index and 8 firms of 
fledging index that in form of firm-level. There 
are five different proxies of investor sentiment 
including advance-decline ratio (ADR), closed-
end fund discount (CEFD), trading volume 
(TV), consumer sentiment index (CSI) and 
business condition index (BCI). Data for CSI 
and BCI are obtained from Malaysian Institute 
of Economic Research (MIER) websites, while 
the rest of the data are obtained from the data 
stream (Thomson Reuter). The interpolation 
method is utilized because the CSI and BCI data 
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are originally in quarterly frequency and need 
to be converted into the monthly frequency 
to ensure the frequency of all variables are 

𝑅𝑅𝑡𝑡 = 𝛼𝛼 + 𝛽𝛽𝐶𝐶𝐶𝐶𝐶𝐶𝑡𝑡 + 𝛽𝛽𝐵𝐵𝐶𝐶𝐶𝐶𝑡𝑡 + 𝛽𝛽𝐴𝐴𝐴𝐴𝑅𝑅𝑡𝑡 + 𝛽𝛽𝐶𝐶𝐶𝐶𝐶𝐶𝐴𝐴𝑡𝑡 + 𝛽𝛽𝑇𝑇𝑇𝑇/𝑇𝑇𝑇𝑇𝑅𝑅𝑇𝑇𝑡𝑡 + 𝛽𝛽𝐵𝐵𝑇𝑇𝐵𝐵𝑡𝑡 + 𝛽𝛽𝐴𝐴𝐷𝐷𝑡𝑡 + 𝜀𝜀𝑡𝑡

consistent. As for the equity data, we use 12 
aggregate indices data and returns.

Empirical Model

The following regression, equation (1) is utilized to investigate the significant relationship between 
stock returns and investor sentiment.

 
(1)

Rt represents a dependent variable in the period series, t. While sentiment proxies represent 
independent variables consist of CSI, BCI, ADR, CEFD and TV, control variables also included in the 
models, BTM and DY. 

Time series stationarity tests conducted to diagnose the collection each of the data whether 
suffering unit root problem or not by implementing augmented Dicker-Fuller test (ADF) (1979) test 
and the Philips-Perron (PP) (1988) test. Then, regression model given will be analysed by using time 
series ordinary least square test through linear regression approach to estimate the relationship in 
average perspectives based on firm-level segmentation namely, KLCI top 30 index, mid-70 index, 
small-cap index and fledging index in Bursa Malaysia main market.      

RESULTS AND DISCUSSION 

Descriptive Statistics

Descriptive statistic summarizes the normality 
on the coefficient description that consists of 
variability measurement including standard 
deviation, minimum, maximum, and Jarque-
Bera. Referring to Table 1, CSI and BCI have the 
same mean (4.5509) and (4.6138) for all different 
group of the index. The similar maximum value 
(4.8211) for CSI and (4.8203) for BCI. While the 
minimum value for CSI (4.1158) and BCI (3.9853) 
with a standard deviation of 0.2011 for CSI and 
0.1591 for BCI. As for stock returns, small-cap 
has the highest maximum value of 98.0829 
and lowest minimum value of −75.6902 with 
0.9324 for the mean. As for ADR, KLCI 30 has 
the highest maximum value of 3.9644 and 
lowest minimum value of 1.7492 with 0.578 
of standard deviation. Meanwhile, KLCI 30 has 

the highest maximum value of 42.1392 with 
a standard deviation of 7.3986 but the lowest 
minimum value of −0.7917 for small-cap for 
CEFD variable. The lowest minimum value and 
highest maximum value for TV/TURN goes to 
small-cap which is 21.2936 and 13.2162 with 
a standard deviation of 1.8205. Even though 
KLCI 30 has the lowest minimum value of 
0.1099 but the fledging index has the highest 
maximum value of 15.3783 with 2.7610 of 
standard deviation for BTM variable. Fledging 
index has the lowest minimum value (4.5525) 
and highest maximum value (−0.3857) for DY 
with 1.5014 of standard deviation. Most of the 
variables in all different index are normally 
distributed as the jarque-bera shows less than 
0.05 of probability except for TV/TURN where 
most of the segments including KLCI 30, Mid 
70 and small-cap are more than 0.05 for jarque-
bera probability. Also, only mid 70 for CEFD 
and small-cap for DY that are not significance 
which indicates non-normal of the dataset.
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Table 1 Descriptive statistics of raw data for different indexes in Malaysia

Notes: Acronym; Consumer sentiment index (CSI), business confidence index (BCI), advance decline ratio (ADR), closed end fund discount 
(CEFD), trading volume/turnover (TV/TURN), book-to-market ratio (BTM), dividend yield (DY). The asterisk *, **, and *** denote significant 
levels of 1%, 5% and 10% respectively.

Stationarity Tests

Unit root test or stationarity test conducted to 
analyse the collection of data whether suffering 
unit root problem to diagnose the stationarity 
for each of the variables in to ensure the 
robustness of the estimation. Therefore, the 
augmented Dicker-Fuller test (ADF) (1979) 
test and the Philips-Perron (PP) (1988) test had 
been utilized as a measurement to analyse the 

unit root problem where returns. As shown 
in Table 2, ADR and TV/TURN are stationary 
at the level for all different index at the firm 
level which means the p-value is less than 0.05 
while CSI, BCI, CEFD, BTM and DY variables 
are significance after conduct first-order 
difference as the p-value is still more than 0.05 
at the level.
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Table 2 Summarization for results of time series data unit root tests from different indexes in Malaysia
Stationarity Test

KLCI 30 Mid 70 Small Cap Fledging

ADF PP ADF PP ADF PP ADF PP

Returns: Mostly significance at 
level

Returns: Mostly significance at 
level

Returns: Mostly significance at 
level

Returns: Mostly significance 
at level

CSI: Mostly significance at 1st diff CSI: Mostly significance at 1st diff CSI: Mostly significance at 1st diff CSI: Mostly significance at 
1st diff

BCI: Mostly significance at 1st diff BCI: Mostly significance at 1st diff BCI: Mostly significance at 1st diff BCI: Mostly significance at 
1st diff

ADR: Mostly significance at level ADR: Mostly significance at level ADR: Mostly significance at level ADR: Mostly significance at 
level

CEFD: Mostly significance at 
1st diff

CEFD: Mostly significance at 
1st diff

CEFD: Mostly significance at 
1st diff

CEFD: Mostly significance at 
1st diff

TV: Mostly significance at level TV: Mostly significance at level TV: Mostly significance at level TV: Mostly significance at 
level

BTM: Mostly significance at 1st 
diff

BTM: Mostly significance at 1st 
diff

BTM: Mostly significance at 1st 
diff

BTM: Mostly significance at 
1st diff

DY: Mostly significance at 1st diff DY: Mostly significance at 1st diff DY: Mostly significance at 1st diff DY: Mostly significance at 
1st diff

Notes: This table summarizes unit root test using the method of augmented Dicker-Fuller test (ADF) and Philips-Perron (PP) for firms in each 
index. Acronym; Consumer sentiment index (CSI), business confidence index (BCI), advance-decline ratio (ADR), closed-end fund discount 
(CEFD), trading volume/turnover (TV/TURN), book-to-market ratio (BTM), dividend yield (DY).

Regression Analysis

After analysing the unit root tests, the study 
proceeds to regression model analysis by using 
the Ordinary Least Squared (OLS) approach 
to investigate the significant relationship of 
investor sentiment towards stock returns in 
Malaysia by referring Tables 3(a), 3(b), 3(c) and 
3 (d). Based on the result in Table 3(a), there 
is a significant relationship between investor 
sentiment and stock returns. However, not all 
of the proxies for sentiment are consistently 
significance at the same time for all firms 
listed in the KLCI 30 index. CSI is negatively 
significance towards returns for firm 7,8,9 and 
11 while BCI is positively significance towards 
returns for firm 1,3,4,8,9 and 11. There is 
positive significance at the 10% level between 
CEFD and returns for most of the firms. Firms 
5, 6 and 7 show a positive significance result 
between ADR and returns which similar to TV/
TURN where only firm 9 and 10 is positively 
significance. Then, R-squared represents the 
coefficient of determination to identify the 
relationship between sentiment and stock 
returns. Therefore, 92.13% variations of 
dependent variables which are stock return are 

explained by independent variables which are 
the sentiment variables while the remaining 
percentage is explained by other factors which 
are the error terms, ε. The model is fit as the 
probability (f-statistics) shows a significant 
result of the 99% confidence interval that 
below 0.01. 

There is a significant relationship 
between sentiment and returns for Mid 
70 Index as referred in Table 3(b) but not 
consistently significance for all different 
proxies for the sentiment which occur 
similarly with small-cap index and fledging 
index. Among all sentiment proxies, CEFD is 
positively significance towards returns with 
99% of the confidence interval for most of the 
firms. There is a positive relationship between 
CSI, BCI, TV/TURN and returns which only a 
few firms affected as shown from the result. 
The relationship between ADR and returns 
is negative significance where the higher 
the sentiment, the lower the stock returns 
of the firms. Then, R-squared represents 
the coefficient of determination to identify 
the relationship between sentiment and 
stock returns. Therefore, 92.9% variations of 
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dependent variables which are stocks return 
are explained by independent variables 
which are the sentiment variables while the 
remaining percentage is explained by other 
factors which are the error terms, ε. The model 
is fit as the probability (f-statistics) shows 
a significant result of the 99% confidence 
interval that below 0.01. 

Besides that, the result for regression 
analysis can be seen in Table 3(c) as there is 
significance relationship between investor 
sentiment and returns but not consistently 
significance for all sentiment proxies for small-
cap index. Among all sentiment proxies, CEFD 
is positively significance towards returns with 
99% of the confidence interval for most of the 
firms. While BCI and TV/TURN are positively 
significance towards returns in which 4 to 
5 firms affected but there is positively and 
negatively significance between CSI and 
returns. However, there is no significant 
relationship between ADR and returns for 
all firms. Then, R-squared represents the 
coefficient of determination to identify the 
relationship between sentiment and stock 
returns. Therefore, 97.44% variations of 
dependent variables which are stock return are 
explained by independent variables which are 

the sentiment variables while the remaining 
percentage is explained by other factors which 
are the error terms, ε. The model is fit as the 
probability(f-statistics) shows a significant 
result of the 99% confidence interval that 
below 0.01.

For the last result for linear regression 
analysis as shown in Table 3(d), there is a 
significant relationship between sentiment 
and stock returns for the fledging index but 
not consistently significance for all sentiment 
proxies. CSI is negatively and positively 
significance towards returns for firms 2, 3 and 
5. While the rest of the data, BCI, ADR, CEFD 
and TV/TURN are positively significant when 
giving impacts towards returns in Malaysia 
fledging index. Then, R-squared represents 
the coefficient of determination to identify 
the relationship between sentiment and 
stock returns. Therefore, 90.39% variations of 
dependent variables which are stock return are 
explained by independent variables which are 
the sentiment variables while the remaining 
percentage is explained by other factors which 
are the error terms, ε. The model is fit as the 
probability (f-statistics) shows a significant 
result of the 99% confidence interval that 
below 0.01.

Table 3(a) Result of linear OLS regression on sentiment towards sentiment for Top 30

Notes: Acronym; Consumer sentiment index (CSI), business confidence index (BCI), advance-decline ratio (ADR), closed-end fund discount 
(CEFD), trading volume/turnover (TV/TURN), book-to-market ratio (BTM), dividend yield (DY). The R2 represents R-squared for OLS regression. 
The asterisk *, **, and *** denote significant levels of 1%, 5% and 10% respectively, refer to Prob, p-value. The value in parentheses is the 
standard error and non-parentheses are the coefficients.
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Table 3(b) Result of linear OLS regression on sentiment towards
sentiment for Mid Cap 70 

Notes: Acronym; Consumer sentiment index (CSI), business confidence index (BCI), advance-decline ratio (ADR), closed-end fund discount 
(CEFD), trading volume/turnover (TV/TURN), book-to-market ratio (BTM), dividend yield (DY). The R2 represents R-squared for OLS regression. 
The asterisk *, **, and *** denote significant levels of 1%, 5% and 10% respectively, refer to Prob, p-value. The value in parentheses is the 
standard error and non-parentheses are the coefficients.

Table 3(c) Result of linear OLS regression on
sentiment towards sentiment for Small Cap 

Notes: Acronym; Consumer sentiment index (CSI), business confidence index (BCI), advance-decline ratio (ADR), closed-end fund discount 
(CEFD), trading volume/turnover (TV/TURN), book-to-market ratio (BTM), dividend yield (DY). The R2 represents R-squared for OLS regression. 
The asterisk *, **, and *** denote significant levels of 1%, 5% and 10% respectively, refer to Prob, p-value. The value in parentheses is the 
standard error and non-parentheses are the coefficients.
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Table 3(d) Result of linear OLS regression on sentiment towards sentiment for Fledging

Notes: Acronym; Consumer sentiment index (CSI), business confidence index (BCI), advance-decline ratio (ADR), closed-end fund discount 
(CEFD), trading volume/turnover (TV/TURN), book-to-market ratio (BTM), dividend yield (DY). The R2 represents R-squared for OLS regression. 
The asterisk *, **, and *** denote significant levels of 1%, 5% and 10% respectively, refer to Prob, p-value. The value in parentheses is the 
standard error and non-parentheses are the coefficients.

CONCLUSION 

To recap, the study investigates the impact 
of investor sentiment towards stock returns 
based on firm-level listed in Bursa Malaysia. 
Segregation of sample including KLCI 30, 
mid-70, small-cap and fledging constructed 
to analyse which category is more sensitive 
to sentiment. This study is a time-series data 
analysis and utilized the linear ordinary least 
square (OLS) regression analysis for January 
2007 until December 2017 approximately 
10 years. The result based on OLS regression 
analysis shows that there is a significant 
relationship between investor sentiment 
and stock returns, however, not consistently 
significance for all proxies that utilized as 
sentiment proxies to give impact towards 
returns. The sentiment not only sensitive 
to small-cap firms but also the large firms 
after the result had been analysed. These 
indicators can be considered by the investors 
when deciding their investment activities 
because sentiment reflects the investor 
behaviour which sentiment with high indices 
causes optimism while sentiment with low 
indices causes pessimism that experienced 
by investors.

The quasi rationale of asset pricing 
model penetrates the existence of rational 
and irrational element as fundamental risk 
and behavioural risk respectively concluded in 
investors decision making towards the market 
especially the sentiment that can influence 
the investor behaviour to be underreacting 
(pessimistic) or overreact (optimistic) on the 
market fluctuations due to the dynamic and 
complex environment generally. Sentiment 
can be in any form such as news, rumours, 
and much more either external (surrounding; 
media) or internal factor (psychologically) 
influencing the human behavioural biases to 
make decision therefore relevant with Keynes’ 
(1937) statement because the way of other 
people thinking also has the potential to 
give impact towards the investor perception 
on the market and the role of sentiment 
towards US stock market is having a non-linear 
relationship due to heterogeneous nature of 
their relationships.

There are implications on the research 
applied as the valuable finance body of 
knowledge (academic), practice (investor) and 
policy implications on the role of sentiment 
towards the stock returns in Malaysia. Firstly, 
this study contributes to academic purposes 
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for the readers and academician to understand 
the behavioural theoretical and empirical 
evidence regarding the sentiment. Secondly, 
for practitioner which this study can act as 
a guideline to assist the investor to make a 
smart decision making to ensure investor 
can adapt properly to their circumstances 
internally or externally on how the investor 
react or beliefs when sentiment influence 
the human behaviour to the stock market for 
being both rational and irrational in making 
a decision. Finally, the rules of policymaker 
should manage the systematic behavioural 
risk that overflow in the financial market to be 
able to minimize negative consequences of 
behavioural factor through the development 
of sufficient model regarding sentiment risk 
on stock market return. 
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